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INTRODUCTION RESULTS — Kortext (Cont.)
Increased equality of opportunity for all students remains the focus for HE providers at present. I ————— e x | pe—— T
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is crucial. An increasingly popular way to improve student success is through the use of data
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analytics. Data analytics (or leaning analytics within the Higer Education sector) can be @on o D

defined as “the use, assessment, elicitation and analysis of static and dynamic information
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about learners and learning environments, for the near real fime modelling, prediction and
optimisation of learning process, and learning environments, as well as decision-making” Active Filter - 188 Very Low 16
To enhance the success of our students, the University of East London utilises the leaming """' 66%  Low 9%
analytics platform, CIVITAS. CIVITAS combines diverse institutional data sources (SITS, MOODLE
etc.) and applies predictive and historic models, fo demonstrate predicted retention and All Students - 37,143 Moderate 11% CurrentlyE:rS\ﬁedStudents
successful completion outcomes of our students. With this platform, UEL can identify at risk
students and develop targeted interventions to increase retention and overall success. 69%  High 33 I
Critics suggest that the use of learning analytics may not be effective as there is no 2092 el 2023 Very High 31% I

demonstration of a comprehensive model. Therefore, practitioners who are not experienced
with learning analytics are unable to action insights generated from learning analyfics.

Despite this, we show that working in partnership with access and participation (AP) project .

leads can enhance the effectiveness of CIVITAS. Additionally, we demonstrate the positive RESULTS - VOIUntee"ng

impact of access and participation projects on student continuation. We have used the The Volunteering project . . . amawzes

following AP projects: Kortext and Student Volunteering (2021-22) was shown to S
contribute to a overall 927 <0.01 —
ConhnUOTlon Increose rGTe Academic Level: Postgraduate 477 0.05 ﬁ%ﬂﬁ%
of 8.6%.
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Volunteering enhances

8.34% +/- 4.3%
—

COﬂTIﬂUOTIOﬂ rO.I.eS ACross Completed Terms: 0 Terms 553 < 0.01
ﬂl L VG”OUS STUdenT grOUpS. Completed Terms: 1-3 Terms 368 < 0.01 w450
. UnderngdUGTeS benefl'l' Full-time vs. Part-time: Full-time 590 <0.01 %
— Q more with a continuation 157 2.2%
|Iﬁ_ Of ]2.79%1 Whlle Full-time vs. Part-time: Part-time 335 <0.01 —_—
pOSTgrOdUOTeS ShOW a |IfT Gender: Female 480 < 0.01 %"143%
of 4.60%. -y
Gender: Male 444 <0.01 R "
Year One students -
(|den'|'|f|ed as S'I'uden'l's W|'|'h Prediction Percentile: Bottom Quartile A 35 <0.01 ——
O terms completed) have | S0+ 10.9%
an 8_34% ||ﬂ', hlghllghhng Prediction Percentile: Second Quartile 132 < 0.01 —
the benefits of early e S . . 7215 41-7.9%
exposure to volunteering. c
Prediction Percentile: Top Quartile 530 < 0.01 —’/0 i
Full-time students benefit
notably with a 10.26% lift,
in contrast to their part-
time counterparts at 5.61%
o
= Volunteering Both genders reflect a near-equal benefit: male students show an 8.91% lift, while females are at
b 8.37%.
ﬂ} The bottom quartie of students, least likely to continue, experience a significant 43.10% lift, but
Q caution is due to the small sample size of 35. The second quartie also sees a pronounced lift at
16.50%, while the third quartie doesn't exhibit significant change. The top quartie observes a
modest yet significant lift.
Discussion
This piece has successfully shown that the use of learning analytics platform, CIVITAS, can
demonstrate an increase in continuation when students engage in an AP project. As discussed,
students engaging in Kortext are shown to have a potential increase in their continuation rate,
whilst students who previously engaged in student volunteering were shown to have their
continuation rates lifted.
Whilst there are mulfiple factors involved in improving continuation rates, learning analytics can
RESULTS - Kortext optimise student's learning environment and personal characteristics. Historically, the AP remit has
focused on vulnerable student groups based on their demographic data alone. With the use of
Out of the 6,713 students enrolled in Kortext, their continuation prediction stands at 80%, CIVITAS, the institution can make use of additional data indicatfors such as course progress,
notably higher than the benchmark rate of 69% for all students. learning environment, Moodle engagement alongside demographic data.

It is important to consider that the impact of learning analytics is dependent on the remedial
action and partnership working across the institution. Within the institution, practitioners can present
some apprehension when using CIVITAS. For example, practitioners are often dealing with
competing priorities and thus there exists a complex balance of delivering within their service areaq,
whilst managing the student’s personal experiences along with limited training in the learning
analytics area. Critical to the successful use of CIVITAS is timeliness within partnership working. It is

In contrast, the 188 students not enrolled in Kortext have a continuation prediction of 66%,
slightly below the general benchmark of 69%.
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Active Filter - 6,713 Very Low 7% To conclude, learning analytics is becoming increasingly popular particularly with the
00000000 . advancements of data warehousing, data modelling and programming. Furthermore, the impact
"""" 80% L. 5% of COVID-19 has strengthened the need for learning analytics and has developed opportunities
for interventions. Thus, using data/learning analytics alongside frontline work can cultivate a
% 6,713 meaningful data driven culture whilst supporting students most at-risk.
All Students - 37,143 Moderate 7 Currently Enrolled Students
69%  High 24% |
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